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Given an RGB-D image, the goal of semantic scene completion is to S - - = oS | |
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Our data augmentation Surface Normals
strategy is applied V : : . . . . . L
directly to the projected Overview of our solution. Our system comprises SPAwWN, a 3D CNN that uses 2D priors as semantic guidance, and a novel 3D data augmentation approach for regularization and
overfitting reduction. The bimodal 2D segmentation network combines RGB and surface normal.
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degree steps and SPAWN surpasses by far all previous solutions with similar SPAWN, a novel lightweight
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